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(57) ABSTRACT

Techniques disclosed herein include systems and methods for
open-domain voice-enabled searching that is speaker sensi-
tive. Techniques include using speech information, speaker
information, and information associated with a spoken query
to enhance open voice search results. This includes integrat-
ing a textual index with a voice index to support the entire
search cycle. Given a voice query, the system can execute two
matching processes simultaneously. This can include a text
matching process based on the output of speech recognition,
as well as a voice matching process based on characteristics
of'a caller or user voicing a query. Characteristics of the caller
can include output of voice feature extraction and metadata
about the call. The system clusters callers according to these
characteristics. The system can use specific voice and text
clusters to modify speech recognition results, as well as modi-
fying search results.
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SPEAKER AND CALL CHARACTERISTIC
SENSITIVE OPEN VOICE SEARCH

RELATED APPLICATIONS

This application is a continuation of and claims priority to
U.S. patent application Ser. No. 13/039,467, titled
“SPEAKER AND CALL CHARACTERISTIC SENSITIVE
OPEN VOICE SEARCH”, which was filed on Mar. 3, 2011,
the contents of which are incorporated by reference as though
fully set forth herein.

BACKGROUND

The present disclosure relates to speech recognition. The
present disclosure also relates to information retrieval sys-
tems for executing searches and, more specifically, voice-
enabled searches.

Voice-enabled searching, also referred to as voice search,
allows individuals to use a voice command or voice query to
search the Internet and/or electronic devices. A voice search is
a search executed using a spoken query or spoken utterance.
Such voice searching typically involves converting a spoken
utterance into text, such as by converting spoken words, num-
bers and characters into a text string. This text string can then
be used to complete a search via an Internet search engine,
database lookup, or other information retrieval system. Gen-
erally, voice searching can be categorized as a local voice
search or an open voice search.

Local voice searching typically involves executing a voice-
enabled search within a specific domain. Restricting a voice
search to a specific domain can result in search results that are
very accurate by virtue of the narrowed search domain. For
example, a local voice search can include searching a specific
directory assistance service such as a residential telephone
listing.

Open voice searching permits open-domain keyword que-
ries on any information available over a communication net-
work. One example of an open-domain keyword search is
searching an Internet search engine. Open voice searching
has received increased interest from industry, academia, and
individuals, because of the rapid expansion of Web and
mobile technology. Voice searching can provide a quick and
convenient search option, especially for users of wireless and
mobile devices.

SUMMARY

Open voice searching is more challenging than a local
search or a search within a specific domain. This challenge is
due in part to a larger speech recognition space. There exist
some experimental systems that attempt to provide an open
voice search. For example, Google has added a voice search
feature to their Google mobile application available on con-
ventional smart mobile telephones. This voice search feature
allows users to attempt to search for anything on the web by
speaking search queries. The accuracy of such conventional
open voice search applications is less than satisfactory. There
are some notable causes of the poor search results from such
experimental systems.

One cause of poor search results is a pipeline system archi-
tecture. Such pipeline architecture refers to the process of
performing speech recognition first, followed by a conven-
tional web search. With such architecture, if the system gen-
erates incorrect speech recognition results, then returned
search results will almost always be poor regardless of the
sophistication of the web search system.
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Another cause of poor search results is diversity of a user’s
information need. Even when the speech recognition engine
works perfectly, search results may nevertheless be poor due
to wide ranging information needs of individuals, and to the
large information space available. In other words, users’
intended or desired search results may be different even with
the same search term or search string. For example, consider
the search query “notebook™ that a user speaks as a voice-
enabled search. One user may desire search results related to
a notebook computer’s appearance, whereas a different user
may prefer results relating to detailed hardware configura-
tions of the notebook. Additionally, desired search results can
vary based on time of day. For example, a user speaking a
particular query during business hours might desire business
related results, while a user speaking the same search during
evening hours might desire entertainment related results.

Current attempts to improve voice-enabled search typi-
cally focus on improving speech recognition performance
such as by collecting more text and acoustic data to enlarge a
speech corpus and thereby provide a more robust language
model and acoustic model. In other words, this current
attempt primarily aims to achieve higher speech recognition
accuracy in an attempt to yield the same results as a conven-
tional search engine text search. Despite any improved speech
recognition performance, search results can nevertheless be
less than satisfactory due to the diversity of the information
need, and the large information space.

Techniques disclosed herein include systems and methods
for open-domain voice-enabled searching that is speaker sen-
sitive. Techniques include using speech information and
information associated with a spoken query to enhance open
voice search results. This includes integrating a textual index
with a voice index to support the entire search cycle. Given a
voice query, the system can execute two matching processes
simultaneously or in parallel. This can include a text match-
ing process based on the output of speech recognition, as well
as a voice matching process based on characteristics of a
caller or user voicing a query. Characteristics of the caller can
include output of voice feature extraction and metadata about
the call. The system clusters callers according to these char-
acteristics, and these clusters are used to generate feature
weights used to re-order queries. The system uses these fac-
tors to help predict both information about the kind of person
calling (as voice qualities do), and also information about
what a user might be interested in at that moment of the query.
A user’s interaction log of returned results can be recorded
and used to update speaker characteristic classifications.

One embodiment includes a voice search manager that
executes a voice search process or system. The voice search
manager receives a spoken query. For example, a user speaks
a search query captured by a wireless mobile device such as a
cell phone. The voice search manager converts the spoken
query into a text query using a speech recognition process.
This speech recognition process can use an acoustic model
and a statistical language model that assigns a score to respec-
tive text strings, with the score of each respective text string
indicating a probability of correct conversion of the spoken
query to the text query. The voice search manager identifies
acoustic features of a voice signal corresponding to the spo-
ken query, which identification can occur in parallel to (or
simultaneously with) the speech recognition process.

The voice search manager classifies the spoken query into
at least one voice cluster based on the identified acoustic
features of the voice signal. This voice cluster has (is associ-
ated with) a respective language model and a respective text
cluster. The voice search manager can re-assign scores to the
text strings based on evaluating the text strings with the
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respective language model of the voice cluster. The text query
can then be selected based on the re-assigned scores, thereby
improving accuracy of the text conversion of the spoken
query.

The voice search manager receives search results from an
information retrieval system based on the text query. For
example, the text query is run through a search engine and the
voice search manager receives corresponding search results.
Each respective search result has a ranking indicating a mea-
sure of importance relative to other search results. The voice
search manager can then modifying rankings of the search
results based on evaluating the search results with the respec-
tive text cluster of the voice cluster. In other words, the ini-
tially ranked search results can be compared with various
documents or text strings from the text cluster that are specific
to a given speaker or type of speaker, and then the initially
ranked search results can be re-ranked or otherwise modified
to improve probably accuracy.

The voice search manager can subsequently monitor user
interaction with the re-ranked search results, or otherwise
acquire a user interaction log of user activity associated with
the search results. Data and text strings from such user inter-
action can be used to update voice clusters and text clusters to
further improve system performance.

In addition to using acoustic voice features to classify
spoken queries, and, by extension, speakers of the spoken
queries into voice clusters, the voice search manager can also
evaluate metadata associated with the spoken query and/or
speaker to further improve classification, statistical language
models, and text clusters.

Yet other embodiments herein include software programs
to perform the steps and operations summarized above and
disclosed in detail below. One such embodiment comprises a
computer program product that has a computer-storage
medium (e.g., a non-transitory, tangible, computer-readable
media, disparately located or commonly located storage
media, computer storage media or medium, etc.) including
computer program logic encoded thereon that, when per-
formed in a computerized device having a processor and
corresponding memory, programs the processor to perform
the operations disclosed herein. Such arrangements are typi-
cally provided as software, firmware, microcode, code data
(e.g., data structures), etc., arranged or encoded on a com-
puter readable storage medium such as an optical medium
(e.g., CD-ROM), floppy disk, hard disk, one or more ROM or
RAM or PROM chips, an Application Specific Integrated
Circuit (ASIC), a field-programmable gate array (FPGA),
and so on. The software or firmware or other such configura-
tions can be installed onto a computerized device to cause the
computerized device to perform the techniques explained
herein.

Accordingly, one particular embodiment of the present
disclosure is directed to a computer program product that
includes one or more non-transitory computer storage media
having instructions stored thereon for supporting operations
such as: receiving a spoken query; converting the spoken
query into atext query using a speech recognition process, the
speech recognition process using a language model that
assigns a score to respective text strings, the score of each
respective text string indicating a probability of correct con-
version of the spoken query to the text query; identifying
acoustic features of a voice signal corresponding to the spo-
ken query; classifying the spoken query into at least one voice
cluster based on the identified acoustic features of the voice
signal, the voice cluster having a respective language model
and a respective text cluster; re-assigning scores to the text
strings based on evaluating the text strings with the respective
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language model of the voice cluster, the text query being
selected based on the re-assigned scores; receiving search
results from an information retrieval system based on the text
query, each respective search result having a ranking indicat-
ing a measure of importance relative to other search results;
and modifying rankings of the search results based on evalu-
ating the search results with the respective text cluster of the
voice cluster. The instructions, and method as described
herein, when carried out by a processor of a respective com-
puter device, cause the processor to perform the methods
disclosed herein.

Other embodiments of the present disclosure include soft-
ware programs to perform any of the method embodiment
steps and operations summarized above and disclosed in
detail below.

Of course, the order of discussion of the different steps as
described herein has been presented for sake of clarity. In
general, these steps can be performed in any suitable order.

Also, it is to be understood that each of the systems, meth-
ods, apparatuses, etc. herein can be embodied strictly as a
software program, as a hybrid of software and hardware, or as
hardware alone such as within a processor, or within an oper-
ating system or within a software application, or via a non-
software application such a person performing all or part of
the operations.

As discussed above, techniques herein are well suited for
use in software applications supporting voice-enabled search
applications. It should be noted, however, that embodiments
herein are not limited to use in such applications and that the
techniques discussed herein are well suited for other applica-
tions as well.

Additionally, although each of the different features, tech-
niques, configurations, etc. herein may be discussed in dif-
ferent places of this disclosure, it is intended that each of the
concepts can be executed independently of each other or in
combination with each other. Accordingly, the present inven-
tion can be embodied and viewed in many different ways.

Note that this summary section herein does not specify
every embodiment and/or incrementally novel aspect of the
present disclosure or claimed invention. Instead, this sum-
mary only provides a preliminary discussion of different
embodiments and corresponding points of novelty over con-
ventional techniques. For additional details and/or possible
perspectives of the invention and embodiments, the reader is
directed to the Detailed Description section and correspond-
ing figures of the present disclosure as further discussed
below.

BRIEF DESCRIPTION OF THE DRAWINGS

The foregoing and other objects, features, and advantages
of the invention will be apparent from the following more
particular description of preferred embodiments herein as
illustrated in the accompanying drawings in which like ref-
erence characters refer to the same parts throughout the dif-
ferent views. The drawings are not necessarily to scale, with
emphasis instead being placed upon illustrating the embodi-
ments, principles and concepts.

FIG. 1 is a block diagram of a system for voice-enabled
search according to embodiments herein.

FIG. 2 is a block diagram of a system for voice-enabled
search according to embodiments herein.

FIG. 3 is a flowchart illustrating an example of a process
supporting a voice search manager according to embodi-
ments herein.
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FIGS. 4-5 are a flowchart illustrating an example of a
process supporting a voice search manager according to
embodiments herein.

FIG. 6 is an example block diagram of a voice search
manager operating in a computer/network environment
according to embodiments herein.

DETAILED DESCRIPTION

Techniques disclosed herein include systems and methods
for open-domain voice-enabled searching that is speaker sen-
sitive. Techniques include using speech information, speaker
information, and information associated with a spoken query
to enhance open voice search results. This includes integrat-
ing a textual index with a voice index to support the entire
search cycle. Given a voice query, the system can execute two
matching processes simultaneously or in parallel with each
other. This can include a text matching process based on the
output of speech recognition, as well as a voice matching
process based on characteristics of a caller or user voicing a
query. Characteristics of the caller can include output of voice
feature extraction and metadata about the call. The system
clusters callers according to these characteristics, and these
clusters are used to generate feature weights used to order
queries. Thus, because a speaker’s voice is recorded, the
system can estimate a speaker’s classification. The system
uses these factors to help predict both information about the
kind of person calling (as voice qualities do), and also infor-
mation about what a given user might be interested in at that
moment of the query.

Referring now to FIG. 1, a block diagram illustrates a
general architecture of the system and process. Input 102 to
the system is a voice query or spoken utterance issued by a
speaker. This speaker could be a caller of a mobile telephone,
operator of a desktop computer, driver operating a vehicle
computer system, user of a wireless tablet computer, etc.
Receiving a spoken query input 102 is then followed by two
parallel processes. For convenience in understanding the sys-
tem, the first process is outlined by area 110, while the second
process is outlined by area 120.

The first process 110 includes a conventional speech rec-
ognition process 112. This speech recognition process ana-
lyzes the spoken query to generate a text output 113. In other
words, the speech recognition process converts the utterance/
spoken query into a textual representation of the spoken
query. This text query output 114 (text representation of the
spoken query 102) can subsequently be used in a conventional
search engine text search 116 to acquire a set of document
search results 118.

The second process or second part 120 includes a voice and
call cluster model. The system extracts voice acoustic fea-
tures and metadata feature information. Then the spoken
query can be classified into a specific voice and call cluster
127. After such classification and clustering, the system can
then retrieve a corresponding interaction and history log.
Associated cluster information can then influence the overall
process/system output in two ways. A first way is by modi-
fying/improving speech recognition results, and another way
is by improving search engine results. For example, the sys-
tem can use language models corresponding to a specific
voice and metadata cluster to directly improve speech recog-
nition results by re-scoring speech recognition results 157
with cluster specific language models. Regarding search
engine results, text log information can be used to re-rank
search results 167 based on computing similarities between
two documents and text clusters 165.
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Now more specifically, the speech recognitions processes
110 can be embodied as a conventional speech recognition
engine using a statistical language model and an acoustic
model. A language model is used to identify word sequences
that are more common than other sequences, which means
certain word sequences should be recognized more often. The
system runs a speech query through the speech recognizer
first, and receives a set of outputs. From the outputs the speech
recognizer (speech engine) can select a best or most accurate
text conversion for use with a search engine query. Alterna-
tively, the speech recognizer can wait for a re-scoring opera-
tion before selecting a particular output for use with the
search engine query. After identifying what voice cluster the
spoken query belongs to, the system executes a re-ranking of
the text outputs, or otherwise modifies the ranking of text
outputs.

The system can now use the voice cluster information to
access a modified language model that is better suited to the
corresponding speaker and/or spoken query. In other words,
the system can use classification information to select a lan-
guage model customized to the spoken query. Using such a
modified or specific language model to re-evaluate initial text
outputs will result in a more accurate word string. The accu-
racy of the text query can be higher using the voice and data
cluster language models because the specific cluster language
model typically reflects the user’s characteristics and the
correct query results are apt to be a higher probability and
more likely to be recognized correctly. The modified lan-
guage model associates probabilities of word sequences. An
associated text cluster then includes the words from spoken
queries used for creating that voice cluster. Note that the
initial or conventional speech recognition language model
and the cluster specific language model can include the same
words, but because the cluster specific language model
reflects a user’s characteristics (what those users often speak
or query), there is a higher probability for correct query
results. These text strings can be a group of calls/queries made
by users within the cluster. This can include all searches made
by within that particular cluster, that is, the text queries for
executing searches. By way of a non-limiting example, the
system identifies that old men talk about features and young
men talk about movies, or whatever other differences there
are among the population. Differences can include a differ-
ence in wording for saying the same thing.

In addition to cluster specific language models, the system
can create and use cluster specific acoustic models.

The voice feature processes 120 include voice feature
extraction 121 that can result in identifying voice feature
vectors 122. This involves speaker clustering/classification
technology. The system can cluster speakers based on various
acoustic voice features, such as like or similar sounding
voices. This can include identifying voice feature vectors.
Voice feature vectors can represent acoustic voice character-
istics of a query for a given period of time within the spoken
query. Such vectors can represent pitch, frequency, speed and
other acoustic characteristics. Such feature extraction focuses
on acoustic aspects that reveal who a speaker is or is like,
instead of the words being said. Spoken queries can then be
grouped based on like features, whether or not these features
include binary classification such as age or gender. Voice
feature extraction can be executed using a mixture model or
probabilistic model, such as a Gaussian Mixture Model, that
analyzes an electronic voice signal.

In addition to voice feature extraction, the system can also
extract metadata features 124 and compile a set of metadata
features 125. Metadata feature extraction involves extracting
any data available about a speaker without using the sound of
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the speaker; that is, information about how a voice sounds.
Such metadata can include any amount of data that can be
extracted from a phone or other device without (or apart from)
the voice signal. By way of a specific example, if the speaker
were executing a voice-enabled search from a cell phone, then
data that may be available can include phone model, area
code, geographic location, time of today, etc. When a voice
search is executed from the operating system of a mobile
device, there is typically a set of user data available. The area
code of the calling telephone can be used to help with regional
word choices and interests. By knowing a phone number, the
system can assume that previous calls from this phone num-
ber were from the same person, and so the system can there-
fore conclude that this same person asking about a particular
set of things will ask about similar topics. The geographic
location of the phone when a call was made can be used both
for a very broad geographic range, (e.g., is the person in
Montana or New York), or for very specific locations. Thus,
there can be multiple levels of location with different granu-
larity (e.g., is the person in an airport, in a restaurant, traveling
by road, and so forth). This can be important because a spoken
query coining from a moving vehicle may desire different
results than a query spoken from within a residential address.
The time of day when the call was made can be useful to help
identify search topic trends that vary by time of day. In gen-
eral, people ask different types of questions in search engines
at different times of the day. For example, during 9:00 to 5:00
(relative to a time zone) the questions might be more serious
and business related, between 6:00 to 9:00 the questions
might be less serious and/or entertainment related. And then
after midnight the questions may be even less businesslike.
These factors help predict both information about the kind of
person calling (as voice qualities do) and information about
what the caller might be interested in at that moment.

With voice and metadata features extracted, the system can
classify or match (127) the spoken query into at least one
specific category or cluster for the voice query. Voice and call
clusters, as well as topic clusters, can be stored in an index 129
or other data store. Classification involves selecting a cluster
that is most accurate for a given voice query. This cluster
selection will identify which language model to use and
which text cluster to use in the lower steps. These language
models can be created beforehand based on call clustering
and associated bodies of text. For metadata clusters, the sys-
tem can determine topic clusters based on some rules about
predefined call characteristics, such as location of the call,
time of the call, etc.

Creating the voice and call cluster index can be an auto-
mated, manual, or semi-automated process. Generally speak-
ing, there are two methods for setting up the speaker cluster:
supervised classification and unsupervised clustering.

With supervised classification, the system can predefine
the speaker class such as old female, young female, girl, old
male, young male, specific accent, noisy, quiet, and so forth.
Then the system can cluster audio data according to these
predefined classes via manual classification, and then train a
respective language model for each cluster respectively. In
other words, for supervised classification a person would
need to listen to many calls and then manually classify calls/
queries based on the person’s perception of acoustic features.

Alternatively, an unsupervised clustering algorithm can be
used to analyze and cluster speakers according to differences
or deviations in acoustic voice characteristics. At the same
time a user is classified into a specific cluster, a speaker’s
interaction log can be added to that respective cluster to be
used to update characteristic classifications. Because the link-
age log reflects the information of the user, the update can be
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an incremental process. Unsupervised clustering essentially
involves clustering like sounding voices. For example, the
system accesses a corpus of spoken utterances and separates
those utterances based on which speakers sound like other
speakers. Note that the unsupervised classification may not
result in the system knowing which speakers have which
accent, or what gender a speaker is, nevertheless, the system
identifies and groups speakers having a similar accent, pitch,
speed, etc., and recognizes acoustic differences for grouping
speakers with like differences. A number of groups or sepa-
rations can be a predetermined amount, or a function of a
specified amount of deviation between acoustic features.
Thus, automatic clustering identifies or groups speakers by
differences in the way they speak. The resulting groups can be
used to create customized language models. Unsupervised
clustering can function as an iterative process to separate calls
into groups based on automatically identified differences in
acoustic features. Unsupervised clustering can include a pre-
defined measure of separation between calls to result in clus-
ters of a predefined level of distinction. Unsupervised clus-
tering can then result in separating calls into just a handful of
clusters, or into dozens or hundreds of clusters. That is, the
level of distinction between clusters can be predetermined to
maximize the distinction between clusters.

The unsupervised and supervised clustering can also be
used in conjunction with each other. For example, after gen-
erating clustering results from unsupervised clustering, a user
can listen to sample calls from clusters and then assign labels.
Alternatively the user can listen to an initial seed portion of
spoken queries to create an initial set of clusters, and then the
algorithm can analyze those clusters and add to those clusters
by automatically analyzing voice signals from additional
voice queries. Clustering can be hard clustering or soft clus-
tering in that a given spoken voice query can be assigned or
grouped to a single cluster, or can span a several clusters.

With an index of voice and call clusters established, and a
given spoken query input classified or matched to a voice
cluster at least based on extracted voice features, the system
can then enhance voice-enabled search in at least two ways.

The system can use a specific voice cluster, call cluster, and
associated modified language model (155) to improve speech
recognition results. The system accesses initial text outputs
113 of the speech recognition process 112. The system then
re-scores the initial text outputs based on the modified lan-
guage model. The outcome may be that the initial most prob-
able text output is most correct, or that a different text output
is more likely the correct text conversion of the spoken query.
Thus, the initially scored speech recognition results are re-
scored based on the voice and call cluster language models.
This topic re-scoring can then generate additional text queries
or enhanced text queries, which may identify a more likely
text query, thereby improving speech recognition accuracy.

The system can also improve search results directly. After
receiving the voice and call cluster information, the system
can use this information to re-rank the search results in the
text search process thereby providing improved or enhanced
search results. Executing a text search 116, using the selected
text query 114, returns a set of results or documents that fit the
query. This text search can be executed locally, or by using a
third party search system, such as a web-based search engine.
The search results can include a relative ranking indicating a
probability of a correct match or some type of relevance
value. The system then analyzes these initial search results
based on text cluster data associated with the voice and call
cluster. The analysis evaluates how likely it would be for a
speaker classified within this cluster to be searching for this
particular document. The system, upon analysis of the ranked
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search results using the cluster data, can then re-rank docu-
ment search results and return or display these results to a
user. The system can then monitor or receive data correspond-
ing to user interaction with the re-ranked search results.

FIG. 2 is similar to FIG. 1, but identifies an updating
process 170. As noted above, the system can monitor user
interaction with the ranked or re-ranked results (171), or
receive a user interaction log. The user interaction log can
include click-through data 173. This click-through data can
be sent to a voice and call index updater 175, which can then
augment text clusters and improve language models incre-
mentally.

By way of a non-limiting example voice-enabled search of
a specific spoken query using a given embodiment, consider
that there happens to exist a singing group named “The Toma-
toes.” This group happens to be followed particularly by
young Bostonian women. Also consider for this example that
in Austin, Tex., a local favorite food is chili, and that itis very
important to get the right variety of tomatoes for the best
tasting chili, especially among older men. Now, a given user
accesses the voice recognition system and speaks the query “I
want to know about the tomatoes” or “tell me about the
tomatoes.” For this example spoken query, consider that the
speech recognition portion accurately recognized the spoken
query (initially) and converted this spoken query into text.
Consider that the voice search system might include one
cluster composed primarily of older men from the Austin area
who regularly search on topics related to chili and tomatoes.
The voice search system might also include a cluster com-
posed primarily of younger female speakers from the Boston
area who regularly search about music and musical bands.
The initial search results then return several documents about
tomatoes.

By identifying a voice and call cluster, the system can
access text clusters associated with queries from that cluster.
The particular voice cluster selected can be based on
extracted acoustic voice features of the spoken query. For
example, the acoustic voice features may have similarities
with older male speakers from Texas, or younger female
speakers from Boston in this example. The system can iden-
tify that a particular cluster either identifies tomatoes as asso-
ciated with the particular singing group or with the fruit.
Subsequently, the system re-ranks the search results depend-
ing on which of those voice clusters was matched to the
spoken query. This is then one of the ways that text clusters
can influence the voice-enabled search.

Another way that the text cluster can influence the voice-
enabled search is the situation when the speech recognition
(initial recognition) is not as clear or accurate as desired, and
so there are more competing hypotheses. In such a situation,
information about what this kind of person likes might have
more influence. For example, if the caller had a southern
drawl, then the caller might be more likely to say Austin,
whereas if the person had a Bostonian accent, then they may
be more likely to say Boston. Different language models
would give different re-scores of speech recognition results
depending on what voice cluster was matched to the acoustic
voice features of the speaker. The system essentially can shift
aprobability distribution toward the words said by speakers in
a particular cluster.

FIG. 6 illustrates an example block diagram of a voice
search manager 140 operating in a computer/network envi-
ronment according to embodiments herein. In summary, FIG.
6 shows computer system 149 displaying a graphical user
interface 133 that provides an audio data collection interface.
Computer system 149 functions as a client device such as a
cell phone. Computer system 149 can connect to a remote
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server for processing assistance. Computer system hardware
aspects of FIG. 6 will be described in more detail following a
description of the flow charts.

Functionality associated with voice search manager 140
will now be discussed via flowcharts and diagrams in FIG. 3
through FIG. 5. For purposes of the following discussion, the
voice search manager 140 or other appropriate entity per-
forms steps in the flowcharts.

Now describing embodiments more specifically, FIG. 3 is
a flow chart illustrating embodiments disclosed herein. In
step 310, the voice search manager receives a spoken query.
The voice search manager can be, for example, a software
application being executed on a mobile or client device. Alter-
natively, the voice search manager can operate on a remote
server, or the voice search manager can be distributed across
a client device and remote server for processing operations.
The spoken voice query is a spoken utterance to be used with
an information retrieval system, and can be spoken by any
user such as a user of a mobile telephone or other portable
electronic device, a desktop computer user, a machine or
vehicle operator, and so forth.

In step 320, the voice search manager converts the spoken
query into a text query using a speech recognition process.
The speech recognition process uses a statistical language
model that assigns a score to respective text strings. Alterna-
tively, the speech recognition process uses an acoustic model
in additional to the statistical language model to assign prob-
abilities to respective text strings/word sequences. Language
model information can then be combined with acoustic score
information to produce a combined score for each respective
text string. Generally, embodiments that score with a combi-
nation of acoustic evidence and language model probabilities
yield better confidences scores. The score of each respective
text string (whether language model scoring alone or com-
bined acoustic and language model scoring) indicates a prob-
ability of a word string occurring, and can be used to compute
aprobability of correct conversion of the spoken query to the
text query. Thus, the probability of a given word string occur-
ring can be used to compute a confidence level. In other
words, the speech recognition process analyzes phonetics
and/or acoustic elements from the spoken query to identify a
probable word, words, or characters from the spoken query to
create a textual representation. By way of a specific example,
if the spoken query were “Five star restaurants in Boston,” (as
heard by alistener) then the speech recognition process would
analyze the spoken query or audio file of the spoken query to
yield the text: “Five star restaurants in Boston.”

In step 330, the voice search manager identifies acoustic
features of a voice signal corresponding to the spoken query.
That is, the voice search manager identifies features such as
pitch, frequency, volume, or features of an audio wave form of
the spoken query, other than identifying words from the spo-
ken query.

In step 340, the voice search manager classifies the spoken
query into at least one voice cluster based on the identified
acoustic features of the voice signal. The voice cluster has a
respective language model and a respective text cluster. Thus,
based on the identified acoustic features, the voice search
manager can match the spoken query with a voice cluster or
voice group having similar acoustic features.

In step 350, the voice search manager receives search
results from an information retrieval system based on the text
query. Each respective search result has a ranking indicating
a measure of importance relative to other search results. In
other words, the voice search manager, or associated system,
runs the text query through an information retrieval system.
As a specific example, the voice search manager submits the
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text query to a search engine to retrieve search results. The
results can either be returned in an order of relevance, such as
with the most relevant results at a first of a list, or the results
can include metadata with values indicating relative impor-
tance based on the text query.

In step 360, the voice search manager modifies rankings of
the search results based on evaluating the search results with
the respective text cluster of the voice cluster. In this step, the
voice search manager can compare the ranked search results
(ranked by the search engine) with a corpus of text or docu-
ments that has already been determined to be relevant or
commonly used with users having acoustic voice features of
the identified voice cluster. The voice search manager can use
various techniques for evaluating the ranked search results.
For example, the voice search manager can use a vector space
model or term vector model, which can use term frequency-
inverse document frequency (TF-IDF) weights to evaluate
how important a word is in a document. TF-IDF can be used
to vector initial query results from the text query ranking list,
and then compute the similarity between every vector and text
information in the audio clusters. Similarity can then be used
as one feature to re-rank the ranking list of search results.

FIGS. 4-5 include a flow chart illustrating additional and/or
alternative embodiments and optional functionality of the
voice search manager 140 as disclosed herein.

In step 310, the voice search manager receives a spoken
query.

In step 312, the voice search manager receives the spoken
query from a wireless mobile device, cell phone, laptop com-
puter, etc.

In step 320, the voice search manager converts the spoken
query into a text query using a speech recognition process.
The speech recognition process uses a language model (alter-
natively in combination with an acoustic model) that assigns
a score to respective text strings, with the score of each
respective text string being used to compute a probability of
correct conversion of the spoken query to the text query.

In step 330, the voice search manager identifies acoustic
features of a voice signal corresponding to the spoken query.

In step 340, the voice search manager classifies the spoken
query into at least one voice cluster based on the identified
acoustic features of the voice signal, with the voice cluster
having a respective language model and a respective text
cluster.

In step 342, the voice search manager classifies the spoken
query based on metadata in addition to the identified acoustic
voice features. Metadata can include any additional informa-
tion associated with the spoken query, a speaker of the spoken
query, or an electronic device used by the speaker for execut-
ing the voice-enabled search. This can include hardware and
software data of the electronic device, profile information of
the speaker, location information, etc.

In step 345, the voice search manager re-assigns scores to
the text strings based on evaluating the text strings with the
respective language model of the voice cluster. The text
query, that is the text query selected to submit to the search
engine, can be selected based on the re-assigned scores. This
step relates to the speech recognition step, and can enhance
the speech recognition results. Thus, while the speech recog-
nition process is being executed, the voice search manager
separately or simultaneously extracts acoustic voice features
to match the speaker with a voice cluster. A statistical lan-
guage model associated with the speaker/spoken query can
then be used to process the initial probable text strings of the
speech recognition process to further enhance the speech
recognition results. The result of this step may be a modified
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text query, different text query, or the same text query as
initially identified by the speech recognition process.

In step 350, the voice search manager receives search
results from an information retrieval system based on the text
query, with each respective search result having a ranking
indicating a measure of importance relative to other search
results.

In step 360, the voice search manager modifies rankings of
the search results based on evaluating the search results with
the respective text cluster of the voice cluster.

In step 362, the voice search manager receives search
results from an open-domain search executed by a search
engine. For example, the search executed is not restricted to a
particular directory or narrowed database, but is executed
within the larger information space.

In step 370, the voice search manager uses a user interac-
tion log of user activity with the search results to update the
voice cluster and text cluster. The voice search manager can
continually and incrementally improve voice and text cluster
by adding additional data accessed by users associated with a
particular voice cluster.

In step 380, the voice search manager creates voice clus-
ters. This can be a step executed prior to an initial voice-
enabled search, but involves creating a set of voice clusters
and associated text clusters. The set could number just a few
voice clusters to hundreds or thousands of voice clusters.

In step 382, the voice search manager accesses utterances
from a collection of utterances. This collection could be a set
of recorded queries of user or callers. The voice search man-
ager then automatically separates utterances into groups of
utterances based on identified acoustic voice features and a
predetermined measure of similarity among acoustic voice
features, such that a given group of utterances represents a set
of speakers having similar acoustic voice features. For
example, an electronic system analyzes audio wave forms of
various queries/speakers, then identifies differences and simi-
larities, and groups queries having similar wave form fea-
tures. Then the system, for each group of utterances, can
create a statistical language model specific to a respective
group of utterances.

In step 384, the system can play utterances from a collec-
tion of utterances to a user via a user interface. A user can then
listen to and evaluate the utterances to identify voice features
independent of the specific words uttered. The voice search
manager then receives manual input (such as by a person),
based on acoustic voice features, that classifies each utterance
into at least one group of utterances, with or with out labeling
the groups. The manual input can be via a graphical user
interface or via voice command, for example. Each group of
utterances then represents a set of speakers having similar
acoustic voice features.

Continuing with FIG. 6, the following discussion provides
a basic embodiment indicating how to carry out functionality
associated with the voice search manager 140 as discussed
above. It should be noted, however, that the actual configu-
ration for carrying out the voice search manager 140 can vary
depending on a respective application. For example, com-
puter system 149 can include one or multiple computers that
carry out the processing as described herein.

In different embodiments, computer system 149 may be
any of various types of devices, including, but not limited to,
a cell phone, a personal computer system, desktop computer,
laptop, notebook, or netbook computer, mainframe computer
system, handheld computer, workstation, network computer,
application server, storage device, a consumer electronics
device such as a camera, camcorder, set top box, mobile
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device, video game console, handheld video game device, or
in general any type of computing or electronic device.

Computer system 149 is shown connected to display moni-
tor 130 for displaying a graphical user interface 133 for auser
136 to operate using input devices 135. Repository 138 can
optionally be used for storing data files and content both
before and after processing. Input devices 135 can include
one or more devices such as a keyboard, computer mouse,
microphone, etc.

As shown, computer system 149 of the present example
includes an interconnect 143 that couples a memory system
141, a processor 142, 1/O interface 144, and a communica-
tions interface 145.

/O interface 144 provides connectivity to peripheral
devices such as input devices 135 including a computer
mouse, a keyboard, a selection tool to move a cursor, display
screen, etc.

Communications interface 145 enables the voice search
manager 140 of computer system 149 to communicate over a
network and, if necessary, retrieve any data required to create
views, process content, communicate with a user, etc. accord-
ing to embodiments herein.

As shown, memory system 141 is encoded with voice
search manager 140-1 that supports functionality as dis-
cussed above and as discussed further below. Voice search
manager 140-1 (and/or other resources as described herein)
can be embodied as software code such as data and/or logic
instructions that support processing functionality according
to different embodiments described herein.

During operation of one embodiment, processor 142
accesses memory system 141 via the use of interconnect 143
in order to launch, run, execute, interpret or otherwise per-
form the logic instructions of the voice search manager 140-1.
Execution of the voice search manager 140-1 produces pro-
cessing functionality in voice search manager process 140-2.
In other words, the voice search manager process 140-2 rep-
resents one or more portions of the voice search manager 140
performing within or upon the processor 142 in the computer
system 149.

It should be noted that, in addition to the voice search
manager process 140-2 that carries out method operations as
discussed herein, other embodiments herein include the voice
search manager 140-1 itself (i.e., the un-executed or non-
performing logic instructions and/or data). The voice search
manager 140-1 may be stored on a non-transitory, tangible
computer-readable storage medium including computer read-
able storage media such as floppy disk, hard disk, optical
medium, etc. According to other embodiments, the voice
search manager 140-1 can also be stored in a memory type
system such as in firmware, read only memory (ROM), or, as
in this example, as executable code within the memory sys-
tem 141.

In addition to these embodiments, it should also be noted
that other embodiments herein include the execution of the
voice search manager 140-1 in processor 142 as the voice
search manager process 140-2. Thus, those skilled in the art
will understand that the computer system 149 can include
other processes and/or software and hardware components,
such as an operating system that controls allocation and use of
hardware resources, or multiple processors.

Those skilled in the art will also understand that there can
be many variations made to the operations of the techniques
explained above while still achieving the same objectives of
the invention. Such variations are intended to be covered by
the scope of this invention. As such, the foregoing description
of embodiments of the invention are not intended to be lim-
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iting. Rather, any limitations to embodiments of the invention
are presented in the following claims.
The invention claimed is:
1. A method comprising:
receiving, by a microphone of a computing device, a spo-
ken query from a user;
processing, by the computing device, the spoken query
using parallel processes,
wherein a first process of the parallel processes comprises:
converting, by the computing device, the spoken query
into one or more text strings using a speech recogni-
tion process; and
assigning, using an initial language model, a score to
each of the one or more text strings, the score of each
of the one or more text strings being used to compute
a probability of correct conversion of the spoken
query into the one or more text strings;
wherein a second process of the parallel processes com-
prises:
identifying, by the computing device, acoustic features
of a voice signal corresponding to the spoken query;
and
classifying, by the computing device, the spoken query
into at least one voice cluster based on the identified
acoustic features of the voice signal, the at least one
voice cluster having a respective text cluster and a
customized language model that reflects characteris-
tics of the user;
selecting a text query based on the one or more text strings
and the customized language model.
receiving, by the computing device, search results from an
information retrieval system based on the text query,
each of the search results having a ranking indicating a
measure of importance relative to other of the search
results; and
re-ranking, by the computing device, the search results
based on re-scoring the search results using the respec-
tive text cluster.
2. The method of claim 1, further comprising:
re-assigning scores to the one or more text strings based on
evaluating the one or more text strings with the custom-
ized language model, the text query being selected based
on the re-assigned scores.
3. The method of claim 2, further comprising:
using a user interaction log of user activity of the user with
the search results to update the at least one voice cluster
and the text cluster.
4. The method of claim 1, further comprising:
accessing utterances from a collection of utterances;
separating the utterances into groups of utterances based
on the identified acoustic features of the voice signal and
a predetermined measure of similarity among acoustic
voice features, wherein a given group of the utterances
represents a set of speakers having similar acoustic voice
features; and
for each group of utterances of the groups of utterances,
creating a statistical language model specific to the
group of utterances.
5. The method of claim 1, further comprising:
playing utterances, from a collection of utterances, via a
user interface; and
receiving manual input, based on acoustic voice features,
that classifies each utterance into at least one group of
utterances representing a set of speakers having similar
acoustic voice features.
6. The method of claim 1, further comprising:
receiving metadata that corresponds to the spoken query,
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wherein classifying the spoken query into the at least one
voice cluster based on the identified acoustic features of
the voice signal comprises classifying the spoken query
based on the metadata in addition to the identified acous-
tic features of the voice signal.

7. The method of claim 6, wherein the metadata comprises
a time of day when the spoken query was captured.

8. The method of claim 1, wherein receiving the spoken
query from the user comprises receiving the spoken query
from a wireless mobile device, and

wherein receiving the search results from the information

retrieval system based on the text query comprises
receiving search results from an open domain search
executed by a search engine.

9. A system for executing a voice search, the system com-
prising:

a microphone;

a processor; and

non-transitory memory storing instructions that, when

executed by the processor, cause the system to:
receive, via the microphone, a spoken query from a user;
process the spoken query using parallel processes,
wherein a first process of the parallel processes com-
prises:
converting the spoken query into one or more text
strings using a speech recognition process; and
assigning, using an initial language model, a score to
each of the one or more text strings, the score of
each of the one or more text strings being used to
compute a probability of correct conversion of the
spoken query into the one or more text strings;
wherein a second process of the parallel processes com-
prises:
identifying acoustic features of a voice signal corre-
sponding to the spoken query; and
classifying the spoken query into at least one voice
cluster based on the identified acoustic features of
the voice signal, the at least one voice cluster hav-
ing a respective text cluster and a customized lan-
guage model that reflects characteristics of the
user;
select a text query based on the one or more text strings
and the customized language model;
receive search results from an information retrieval sys-
tem based on the text query, each of the search results
having a ranking indicating a measure of importance
relative to other of the search results; and
re-rank the search results based on re-scoring the search
results using the respective text cluster.

10. A non-transitory computer-readable medium storing
executable instructions that, when executed by a processor,
cause a device to:

receive, via a microphone, a spoken query from a user;

process the spoken query using parallel processes,

wherein a first process of the parallel processes comprises:
converting the spoken query into one or more text strings
using a speech recognition process; and
assigning, using an initial language model, a score to
each of'the one or more text strings, the score of each
of the one or more text strings being used to compute
a probability of correct conversion of the spoken
query into the one or more text strings;
wherein a second process of the parallel processes com-
prises:
identifying acoustic features of a voice signal corre-
sponding to the spoken query; and
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classifying the spoken query into at least one voice clus-
ter based on the identified acoustic features of the
voice signal, the at least one voice cluster having a
respective text cluster and a customized language
model that reflects characteristics of the user;

select a text query based on the one or more text strings and

the customized language model;

receive search results from an information retrieval system

based on the text query, each of the search results having
a ranking indicating a measure of importance relative to
other of the search results; and

re-rank the search results based on re-scoring the search

results using the respective text cluster.

11. The non-transitory computer-readable medium of
claim 10, storing executable instructions that, when executed
by the processor, cause the device to:

re-assign scores to the one or more text strings based on

evaluating the one or more text strings with the custom-
ized language model of the at least one voice cluster, the
text query being selected based on the re-assigned
scores.

12. The non-transitory computer-readable medium of
claim 11, storing executable instructions that, when executed
by the processor, cause the device to:

use a user interaction log of user activity of the user with the

search results to update the at least one voice cluster and
the text cluster.

13. The non-transitory computer-readable medium of
claim 10, storing executable instructions that, when executed
by the processor, cause the device to:

play utterances, from a collection of utterances, via a user

interface; and

receive manual input, based on acoustic voice features, that

classifies each utterance into at least one group of utter-
ances representing a set of speakers having similar
acoustic voice features.

14. The non-transitory computer-readable medium of
claim 10, storing executable instructions that, when executed
by the processor, cause the device to:

receive metadata that corresponds to the spoken query,

wherein classifying the spoken query into the at least one

voice cluster based on the identified acoustic features of
the voice signal comprises classifying the spoken query
based on the metadata in addition to the identified acous-
tic features of the voice signal.

15. The non-transitory computer-readable medium of
claim 10, wherein receiving the spoken query from the user
comprises receiving the spoken query from a wireless mobile
device, and

wherein receiving the search results from the information

retrieval system based on the text query comprises
receiving search results from an open domain search
executed by a search engine.

16. The system of claim 9, wherein the non-transitory
memory stores instructions that, when executed by the pro-
cessor, cause the system to:

re-assign scores to the one or more text strings based on

evaluating the one or more text strings with the custom-
ized language model of the at least one voice cluster, the
text query being selected based on the re-assigned
scores.

17. The system of claim 16, wherein the non-transitory
memory stores instructions that, when executed by the pro-
cessor, cause the system to:

use a user interaction log of user activity of the user with the

search results to update the at least one voice cluster and
the text cluster.
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18. The system of claim 9, wherein the non-transitory
memory stores instructions that, when executed by the pro-
cessor, cause the system to:

play utterances, from a collection of utterances, via a user

interface; and

receive manual input, based on acoustic voice features, that

classifies each utterance into at least one group of utter-
ances representing a set of speakers having similar
acoustic voice features.

19. The system of claim 9, wherein the non-transitory
memory stores instructions that, when executed by the pro-
cessor, cause the system to:

receive metadata that corresponds to the spoken query,

wherein classifying the spoken query into the at least one

voice cluster based on the identified acoustic features of
the voice signal comprises classifying the spoken query
based on the metadata in addition to the identified acous-
tic features of the voice signal.

20. The system of claim 9, wherein receiving the spoken
query from the user comprises receiving the spoken query
from a wireless mobile device, and

wherein receiving the search results from the information

retrieval system based on the text query comprises
receiving search results from an open domain search
executed by a search engine.

#* #* #* #* #*
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